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Pattern Name:

Model has been trained.:
Model well trained:
Decomposition1:

BCEEERENEY Y 2 —> a VR —VItBT 3 8% — VEASRORHADRE - 7
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are satisfied
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by parts

G2
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satisfied in one part

Snl

Concrete
evidence

X 5. GSN XD

Model well trained under limited training data size:

Decomposition2:
Training data size is sampled properly:
Parameter:

(If you create everything new and support existing elements) supported element:

Pattern Name:

Model has been trained.:
Model well trained:
Decomposition1:

X6 $R—>

Model well trained under limited training data size:

Decomposition2:

Training data size is sampled properly:

Parameter:
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Decomposition

Training data sampling A
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Adversarial example defense

Reprioritize accuracy
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Security requirement satisfaction argument pattern

Apply Pattern
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G30

Provide a reliable
traffic sign
classification system
for level 3 ADV

system
e S
S1 S2
Ensure achievement of Ensure failure of ML
minimum performance model is handled by
of important classes safeguard code
¥ S
G31 G32 G33 G38
Quality of ML model Quality of ML model Quality of ML model Quality of supporting
training is ensured testing is ensured monitoring is ensured components ensured
S3 sS4 S5
Utilize data manipulation technique Utilize DNN repair based on Employ
to improve training quality degree of unsatisfaction suitable
\ camera sensors
/ " G37
G35 C36 Repair G39
Data is Data is configuration Employed
augmented rebalanced to is set on gap ELTTE
emulate between
properly - sensors has
operational expected and enough
/ domain actual class resolution
4 Y

Sn2
Utilize
saturation
augmentatio
n

Snl
Utilize
rotation

augmentatio
n

Sn9
RepairPriority
(Speed limit

100 = 5)

Sn8
RepairPriority
(Speed limit

60 = 10)

Snl0
Minimum
resolution

of cameras
= XXXX

Sn4

Rebalance data
to increase the
population of
the children
class

Sn3

Rebalance data
to increase the
population of

the pedestrian
crosswalk class

Sn5

Rebalance data
to increase the
population of
the cycle class

X 12, 7 —RARXT 4
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=723 X120D GSN RIZHB W T, Training data sampling X% — > ZBAT 25852 FE X 5, =V I =713
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Pattern Name: Training data sampling
Model has been trained.:

Model well trained:

Decomposition1:

Model well trained under limited training data size:
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Training data size is sampled properly:

Parameter:

(If you create everything new and support existing elements) supported element:
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RepairPriority
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